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Abstract ; Accurate prediction wind speed can reduce the iMPact on the power system and improve the com-

petitiveness of the wind farm in the electric power market. This paper mainly compared several different

wind speed forecasting methods, which use the time series to analyze the short-term wind speed data,dis-

cussed the traditional linear auto regressive moving average model(ARMA) , the common feed forward and

recurrent neural network,and also compared the adaptive neural fuzzy inference system (ANFIS) and the

neural logic network. The model shows that the artificial intelligence model is better than the linear model,

and it can predict the wind speed accurately and quickly.
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Fig.2 neural logic network
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Fig.3 Autocorrelation of wind speed data sets
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