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Investigation on Nonlinear Internal Model Control Based on
Diagonal Recurrent Neural Network
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Abstract: Nonlinear internal model control scheme based on diagonal recurrent neural network is presen-

ted. Internal model and internal model controller are established by diagonal recurrent neural network.

Meanwhile, this paper improves the training function of the neural network controller. The simulation re-

sults show that improved internal control has the faster tracking performance, less overshoot and better a-

daptability than the internal control based on BP neural network.
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