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Research on the Object Recognition Based on Improved

SIFT Feature and Particle Filter
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Abstract: For the problems of much calculation and consuming more time in the original SIFT feature algo-

rithm, a kind of improved SIFT feature algorithm is used. Based on the original SIFT feature algorithm,

the feature descriptor is simplified and the matching algorithm is improved. Considering the changing of

feature descriptors in object recognition, the particle filter algorithm is combined with the target object

recognition. Simulation result shows that this algorithm retains the advantages of original SIFT features al-

gorithm, some disturbances are avoided and calculated amount is decreased . In combination with the par-

ticle filter algorithm it can effectively update feature point matching. The objects can be recognized reliably

by using the combination algorithm.
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Fig. 1 Traditional gaussian pyramid
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Fig. 2 Multi— stage multilayer gaussian pyramid
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Fig. 3 Feature matching result
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Fig. 4 The ideal situation recognition result
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Fig. 5 Target rotation after stretching recognition result
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Fig. 6 Recognition result after illumination change
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