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Video Text Localization Method Based on Adaptive Threshold

Canny Operator
JIA Dong-qin, WANG Hong-yuan, CHENG Qi-cai
(School of Information Science and Engineering, Changzhou University, Changzhou 213164, China)

Abstract: The paper proposes an effective method for location of the artificial text in video images. This
algorithm transmits the grey level of video frame first, and wipes off the information of redundancy col-
ors. Then makes use of adaptive threshold Canny algorithm to detect the boundary of text area. Row lo-
cation will be in progress in horizontal direction of the sub - image. And accurate the text area of the hori-
zontal direction results. The consequence shows that this method can avoid faults, which will lead to un-
satisfactory results of Canny boundary detection, in setting threshold by human. This algorithm can lo-
cate the text effectively, ignoring the impact of the typeface and size of the text.
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Fig. 1 Algorithm flow chart
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Fig. 2 Results of edge detection
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Fig. 3 Text location
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