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Overview of Personalized Recommendation Systems

LIU Hui, GUO Mengmeng, PAN Weiqgiang
(School of Business, Changzhou University, Changzhou 213164, China)

Abstract : Personal recommendation as the effective tool to tackle the “information overload” problem has
attracted wide attention of many researchers. In this paper, we make some categorizations and reviews for
the personalized recommendation algorithms that under the Electronic Commerce circumstances, we also
summarize the strength and weakness of these algorithms as well as measures used in performance evalua-
tion of personal recommendation systems; personalized recommendation algorithms has a perfect fore-
ground. However, in personal recommendation systems, we still need an effective solution of cold start,
data sparsity and scalability issues.
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