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Matrix Factorization Recommendation Algorithm

Combining Users’ Reviews

HU Shengli, TAN Qing

(School of Computer Science and Engineering, Anhui University of Science and Technology, Huainan

232001, China)

Abstract ; In order to solve the problems of data sparseness and only using the user’s rating behavior to
recommend in the traditional collaborative filtering algorithm, a kind of matrix factorization recom-
mendation algorithm combining users’ reviews was proposed. First, the algorithms utilized topic
model to generate review topics distribution, and extracted accurate user interests and items character-
istics by integrating the score. Then, combined with users’ interests and item characteristics, the nea-
rest neighbors of users and items were calculated according to the cosine similarity. Last, the nearest
regularization terms were introduced into the matrix decomposition model. The USRMF was compared
with the traditional collaborative filtering algorithm and the regularization matrix decomposition algo-

rithm.The experimental result shows that the USRMF can improve the accuracy of recommendation in
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sparse datasets.
Key words: matrix factorization; textual review; topic model; regularization term; recommendation algo-

rithm
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